
Targeting leisure and business 
passengers 
with unsegmented pricing 
Marco Alderighi, Università della Valle d’Aosta & CERTeT - Università Bocconi 
Marcella Nicolini, Università di Pavia, FEEM 
Claudio A. Piga, Keele University, RCEA 

SIET – Milano– Università Bocconi    1 luglio 2015  



Main issues 

• Routes having a varying mix of leisure and business 
travellers 

• Under unsegmented pricing, we study how Ryanair 
adjusts the two main components governing the dynamics 
of posted fares, namely  
• time component (the number of days before departure) and  
• capacity component (the current number of available 

seats). 
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Unsegmented pricing 

• Ryanair’s fare structure is simpler than that adopted by 
FSCs, an aspect that by itself supports the view of a 
necessary coordination between a firm’s higher-level 
strategy and its pricing system: up until mid-2014,  
 

• It adopted only one reservation class, and consequently, 
one single fare which is intended for all customers. 



Results 

• In routes with a strong presence of leisure (business) 
travellers, fares are set to be less (more) responsive to 
the time component;  
 

• In schedules more suitable for leisure (business) 
travellers, fares are set to be less (more) responsive to 
the capacity component. 



Customer heterogeneity 

• Leisure and business travellers differ along two 
dimensions. First, business travellers usually assign a 
greater value to a flight and therefore their demand is 
more price inelastic than that of leisure travellers.  

• Second, business travellers tend to plan less in advance 
than leisure ones (Talluri and van Ryzin, 2004). 

• Therefore, heterogeneity between the two traveller 
segments allows to inter-temporally segment the market, 
applying higher fares to clients arriving late, mostly 
business travellers; and cheaper fares to those arriving 
early, mostly leisure travellers (Desiraju and Shugan, 
1999; Courty, 2003; Netessine, 2006). 



Hypothesis 1: lei/biz routes 

• When the share of business travellers is high (i.e., on a 
business route), the carrier will therefore tend to choose a 
pricing profile with large price hikes in the proximity of 
the departure date. 
 

• On business routes, fares tend to be more strongly 
affected by the time component of RM. 
 

• On leisure routes, fares tend to be less strongly 
affected by the time component of RM. 
 



Product heterogeneity 

• Flights early in the morning (6am-10am) or late in the 
evening (6pm-10pm) in the week days (i.e. in a business 
time) are appealing for business travellers (Borenstein 
and Netz, 1999). 

• Indeed, they allow to easily visit a destination within a 
working day, i.e., departure in the morning with the return 
scheduled in the evening.  

• Leisure travellers usually prefer a more comfortable 
schedule and generally have more flexible preferences in 
terms of departure date and time.  



Hypothesis 2: lei/biz hour 

• Because the wide majority of LCCs’ customers travel for 
leisure purposes, the carrier faces the problem of inducing 
leisure travellers to choose flights operated during 
business hours. 
 

• In leisure hour flights, the capacity component tends 
to be less prominent. 
 

• In business hour flights, the capacity component tends 
to be more prominent. 



Hypothesis 3:  
lei/biz route + lei/biz hour 



Data 

• Primary data on repeated prices for single flights and 
seat availability were retrieved directly from Ryanair's 
website using a web crawler, i.e., a programme that 
automatically launches the online queries necessary to 
book a flight to a given destination.  

• Secondary data detailing the composition of a route’s 
passengers by reason of travel (leisure vs. business) 
were obtained from the International Passenger Survey 
(henceforth, IPS), a quarterly survey collected by the UK 
Office of National Statistics. 



Prices and seat availability 



Data: mean, S.D. and 
correlation matrix 



Data: mean fare 



Data: mean fare 



Estimation issues 

• We aim at estimating the following equation: 
 
 

• Censored data: bias correction 
• Omitted variable problem: IV variables 

• Book on holidays 
• Lag mean slope 
 
 



Estimation technique 

• We follow the procedure 17.4 inWooldridge (2002), as 
applied in Alderighi et al. (2014): 
 
 
 
 
 
 



H1:  
biz/lei 
routes 

 



H1: biz/lei routes 



H2: biz/lei hour 



H2:  
biz/lei  
hour 

 



H3: lei/biz route + lei/biz hour 

 



Conclusions 

• First, customer segmentation can be pursued even within a business 
model defined by a standard unsegmented pricing approach where 
the airline offers a single category of fares 

• Second, both the capacity and the temporal dimensions of RM are 
found to be important drivers of fares; therefore, looking at the 
evolution of fares over time without controlling for the evolution of 
available seats on a flight is likely to produce biased inferences. 

• Third, the relative role of the two dimensions vary with the market 
characteristics; they are both paramount in flights operated during 
business hours in routes with a large potential business travellers’ 
basis, whereas they play a less noticeable role when flights are 
operated in both leisure times and routes. The overall conclusion is 
that by fine-tuning its RM approach, an LCC can effectively manage 
consumer and product 

• heterogeneity without disrupting its business model based on ‘simple, 
low fares’. 
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